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The Image Optimization Algorithm Based on Dark Channel Prior and Wavelet Transform

DING Qi'an , XU Xiaoguang ,WANG Zhen
(College of Electrical Engineering, Anhui Polytechnic University, Wuhu 241000, China)

Abstract: The algorithm based on dark channel priori is one of the most representative image restoration algorithms, but
only using the dark channel to defogging the image will produce a certain degree of color distortion. In order to solve the prob-
lem of image color distortion caused by the prior algorithm of single image dark channel, a color order compensation method
based on wavelet transform is proposed. After making the low-frequency passage of the fog image about the dark passage to
the fog and the high-frequency channels of the image to with the right weight, and through the little wave transformation to the
image of the fog image have a lot of fusion with the thick-dark-path image. Based on the color order of the original image, a
certain amount of compensate to the color distortion of the dark channel is done. What’ s more, comparison is carried out with
other defogging algorithms based on the objective computer evaluation of comentropy. The simulation results show that the
image effect after compensation has good observation effect, which is better than the image using only the dark channel prior
defogging algorithm.

Key words: dark channel; defog algorithm; wavelet transform; color level ;image fusion; comentropy





