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The Face Recognition Algorithm Based on Block Weighted LBP Technology

GUAN Lingxia, YANG Huicheng, LU Chun, TONG Ying
(College of Electrical Engineering, Anhui Polytechnic University, Wuhu 241000, China)

Abstract: Face recognition technology belongs to the recognition of physiological characteristics, and is a biometric
identification technology based on human face characteristic information. It is the first mature technology in the field of artifi-
cial intelligence technology in China. LBP algorithm, also called local binary pattern algorithm, is a texture description
method in gray range. The feature information extracted by the traditional LBP operator can only reflect the local face informa-
tion, and can not express the whole face information. Based on the basic LBP algorithm, a face recognition algorithm based
on block weighted LBP is proposed, which divides the face into 5 x3 sub-blocks. According to the different contribution of
facial features to face recognition, different weights are given to extract face information features. Different samples are trained
in ORL and YALE face databases. The accuracy rate of face recognition based on the traditional LBP method is compared
with that of the block LBP method and the weighted LBP method. Experiments show that block weighted LBP technology can
effectively improve the accuracy of face recognition.

Key words; face recognition ; local binary mode ; feature extraction; block weighting





