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K(x,,x,) = exp( =[x, - x, >726%)

(2) £1EHR% K%L (linear function)
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Optimization Method for Independent Rotating Wheel Profiles

ZHONG Xiaobo, TAO Gongan, LUO Yanyun, YI Xingli
(CRRC Zhuzhou Electric Locomotive Co. ,Ltd. , Zhuzhou 412001 , China)

Abstract: Wheel profile plays an important role on the dynamics of tramway vehicles, also on the wheel-rail contact
fatigue and wear. For the tramway vehicles with independent rotating wheels, the most important characteristic of the wheel-
rail contact is the contact kinetic parameters, which is related to the wheelset gravity resilience size Gravity resilience provides
independent wheel to the straight line to run and the oriented guidance force that is needed. Because of the proper lateral
gravity stiffness, the tramway vehicles with independent rotating wheels can run on straight track without flange contact. To
improve the running characteristics, a target-oriented method for the design of tramway vehicles wheel profiles is presented.
The target chosen is the contact angle difference function. A computer program based on this method has also been developed
and is validated by way of example in which wheel profiles Lma-30 is investigated. The example shows that the optimized
wheel profile has a good wheel/rail geometry performance on the running characteristics of tramway vehicles.

Key words; tramway vehicles; wheel profiles optimization; contact angle difference function; running characteristics
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A Face Recognition Method Based on Combined-kernel Function SVM

YAN Zhichao, YAO Liang, HAN Chao
(College of Eletrical Engineering, Anhui Polytechnic University, Wuhu 241000, China)

Abstract: Support vector machine (SVM) is one of the most commonly used algorithm in machine learning when it
comes to face recognition, it gets structured description of data distribution by the conception of distance and reducing the
requirements of data volume, so it’ s very suitable for the face recognition of small sample of the training set. The selection of
kernel function of SVM has a great influence on the classification accuracy, global kernel function has the strong ability of
generalization but weak in learning ,local kernel function is the opposite, taking into account of both advantages, SVM classi-
fier is designed by using the mixture of RBF core and Sigmoid core for identification. using PCA algorithm to extract feature
ORL face database firstly, and then using combined-kernel function of SVM classifer to do classification. The result proved
that combined-kernel function of SVM has higher recognition rate than traditional single kernel function.

Key words: combined-kernel function; support vector meachine; PCA ; face recognition



