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Design and Application of Adaboost Algorithm Classifier

XU Jian, ZHANG Hongwei
( Chengdu University of Information Technology ,Chengdu 610225, China)

Abstract: Adaboost algorithm can promote a weak classifier to a strong classifier without knowing the error rate upper

limit of the weak classifier in advance, so a lot of classifiers which are not so stable can be used as weak classifiers in Ada-

boost algorithm. Because of the limitation and subjectivity in training samples selection of the BP neural network algorithm,

its classification accuracy and scalability need to be improved. So the Adaboost algorithm is combined with BP neural net-

work , in which the neural network classification model is used as a weak classifier. Algorithm is realized in matlab, and two

UCI data sets is used to do the experiment. The results show that Adaboost can effectively overcome the shortcomings of BP

neural network, improve the classification accuracy and the rate of generalization.

Key words: weak classifier; strong classifier; BP Neural Network ; Adaboost algorithm





