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Modified Differential Evolution Clustering Algorithm Based on K-means

QIAO Yanxia, ZOU Shurong, ZHANG Hongwei

(College of Computer Science & Technology, Chengdu University of Information Technology, Chengdu 610225, China)

Abstract: K-means clustering algorithm is simple and converge rapid, but the result of clustering algorithm is vulnerable

to the influence of initial cluster population, which often leads to local optimum. Differential evolution algorithm has strong

global convergence ability and robustness, but it’s convergence volocity is slow. For this reason, K-means clustering algorithm

is combined with the differential evolution algorithm, then a modified differential evolution clustering algorithm based on

K-means is proposed. Within a certain range of the algorithm, the crossover operators that increased dynamically with itera-

tive number are set, so that the algorithm carries out global search first and local search second in the iterative process, which

can help to balance the global search capability and local search capability of algorithm, and accelerate the convergence speed

of algorithm. Finally, the experiments have tested the effectiveness of algorithm.
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