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FF5 ST B/ mm e SEPRYLRE B/ mm
1 1.13 11 11.53
2 1.77 12 12.22
3 3.15 13 12.33
4 3.76 14 13.31
5 4.76 15 13.79
6 5.41 16 14. 13
7 6.71 17 14. 45
8 7.33 18 15. 10
9 8.92 19 15.23
10 10. 34 20 15.35
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clear;

cle;

pl =[1.131.77 3. 15];

p2=[1.773.153.76];

[13.31 13.79 14.13

pl4 ]
pl5=[13.79 14.13 14.45];
pl6 =[14.13 14.45 15.10] ;
pl7 =[14.45 15.10 15. 23]
pl8=[15.1015.23 15.35];
P=[pl’ p2’ --- pl3’ pl4’];
T=[3.764.76 --- 14.13 14.45];

’

’

[ pn, minp , maxp, tn, mint,,maxt | = premnmx (P, T)
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net = newff ( minmax (pn), [3,9,1], {'tansig’,’ F4 WMANBENHSE
logsig’, 'purelin’} , ’trainlm’) ; MAPE AR MAPE WEFR
Net = init( net) <10 RS 20 ~50 AATEUS
10 ~20 RIS >50 AFATHIMS
net. trainparam. show =10
net. trainparam. epochs = 1000 ; 3 4 3%

net. trainparam. goal =le —6;

[ net,tr] =train(net,pn,tn) ;

yln =sim( net,pn) ;

yl = postmnmx ( yln,mint, maxt) ;
=[pl5' pl6’ pl7'];

pnewn2 = tramnmx (a, minp , maxp ) ;

anewn2 = sim( net,pnewn2 ) ;

y2 = postmnmx ( anewn2 , mint , maxt )
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18 15.10 14. 5567 3.60%
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20 15.35 14.9631 2.52%
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Application of BP Neural Network to Short-term Predicting Foundation
Settlement in the Base Pit Vicinity

XU Xin-xin, SU Hua-you, ZHANG Chun-ping
(College of Environment and Resources, Southwest University of Science and Technology, Mianyang 621010, China)

Abstract: To make the engineering project safe and implement the information construction, it is important to ana-
lyze and predict the monitoring data during pit excavation. Part of the current method is hard to meet the practical con-
struction of highly nonlinear problem of fitting, such as by index method of settlement the prediction is often small, by
hyperbolic method of settlement the prediction is often partial, and GM (1,1) on the observation value of the accumu-
lator often does not have index law. Based on these considerations, the project which belongs to Suzhou metro line 2
projects is taken as an example. Using BP neural network knowledge, combined with the history of the settlement moni-
toring value, the surface subsidence around the foundation pit is short-term predicted. Application results show that its
prediction error is small. The propased method presented here is an important reference to the dynamic design and
informative construction for pit engineering.
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