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Result
1. FS TS RP
RS FS TS RP

2. RS p Q RP
RP, RP, -+ RP;
S.X tempX minCost;
WHILE ( nextXState ( X))
curcost = coutCost ( X S B) ;
IF ( minCost > curcost)
bestX = X; minCost = curcost;
END IF
END WHILE
10. SQ = generateSubQuery ( bestX S) ;
11. Result = executeAndMerge ( SQ) ;
12. RETURN Result;
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:Cost( RP, S;) = Size( Data( RP,)) /B, + Cost
(S;) Cost(RP, S)) RP, S,
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Cost ;
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. IF minCost > Size( Data( Rp;) ) /B i + Cost( j)
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Index) ;

Linux

NH-

10. minCost = Size( Data( Rp;) ) /B i + Cost( ) ;
11. bestIndex =1;
12. END IF
13. END IF
14. END FOR
15. Cost bestIndex + =minCost;
16.5Q j = generateSQL( RP, best
17. END FOR
18. Result = ExecuteAndMerge( SQ) ;
19. RETURN Result;
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Multiple Knapsack Constraints J . Operations Re-—

Heuristic Function Based Query Algorithm in Grid Database
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(1. Department of Computer Science and Technology Huaiyin Institute of Technology Huaian 223001 China;

2. Department of Computer Science and Engineering Nanjing University of Aeronautics and Astronautics Nanjing 210016 China)

Abstract: As one of the key technologies of the network database traditional query processing technology can not adapt
to dynamic Network environment. It will result in lower utilization of Network resources and lower query efficiency. The que-
ry processing cost model is advanced two corresponding algorithms are given and the experiments are carried out under dif-
ferent data sets and Network environment parameters. Experimental results show that the heuristic algorithm improves the ef—
ficiency of Network database query processing to a certain degree. The cost of generating sub queries is O( n) compared
with the Exhaustive method the query time decreases 10% .
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