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Bayes Estimation of Poisson Distribution Parameter Under Linex Loss Function

LU Ling-fei
(School of Science, China University of Mining and Technology, Xuzhou 221116, China)

Abstract: The Bayes estimation of the Poisson distribution parameter under Linex loss function is made and its admissi-

bility is certified for a Poisson distribution X, , X, , -+, X, with given capacity. The expression of Bayes estimation for multiplay-

er parameters is also given.
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