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BAO Yun-fei, ZHANG Wei-chuan, WU Fei, ZHANG Li
( College of Management Science, Chengdu University of Technology, Chengdu 610059, China)

Abstract; Summarized the basic theory of Independent component analysis. Summarize three equivalent target function ;

non-gaussian maximization, the minimum mutual information, maximum likelihood estimate. Summarize three kinds of com-

mon optimization method ; adaptive method , fixed-point iteration, jacobi method. Introduced the latest methods:; Containing

noise of ICA, Underdetermined ICA, Kernel ICA etc. The application of ICA is briefly introduced.
Key words; ICA; target function; containing noise of ICA ; underdetermined ICA ; kernel ICA





