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Algorithm of Automatic Recommender System Based on Data Mining

ZHU Wen-zhong
(School of Computer, Sichuan University of Science & Engineering, Zigong 643000, China)

Abstract: A typical online recommendation system is described. By using ART neural network and data mining technol-

ogy, it can automatically cluster population characteristics and can dig out the associated characteristics. Aim at the online

recommendation system applied on network, how effectively use data mining techniques to mine the complete knowledge from

a large number of databases is discussed, then the appropriate information is recommended to users to help them to find really

needed and useful documents or information in the vast flow of information. A pattern is put forward that combines ART

neural network and data mining technology. Aim at the characteristics of recommendation system, a new modified ART

algorithm (MART algorithm) is proposed. The result shows that the proposed algorithm is effective.

Key words; automatic recommender system; neural network; ART; data mining





