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Bayesian Estimation of Pareto D istrbution Parameter

LI Yan-ying
(M athematics D epariment BaojiArt and Science College Baoji 721013 Chma)

Abstract This papermanly disaissed the estmatn of Pareto disiribution parameters (1) Under the square loss func-

ton, the paper gave the Bayesian estm ation of Pareto distrbution pamam ete; and had proven that this estin at bn was adm issi-

ble (2)Under the Q-synm etrical entropy loss finction the paper discussed Bayesain estin atbn of Pareto distribut bn paran -

eter
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