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Intellgent Intrusion D etection System Based on Pattem R ecognitbn

QIU Shuwei

( Canputer D epariment Shantou Polytechn i

Shantou 515078 China)

Abstract The basic theory and tedhnobgy of ntrusbn detection were ntwduced comb ned the princples of Pattem

Recognitbn with the sinilarity of Pattem R ecogn ition and ntwsion detectbn the Pattern Recognitbn applied to he feas b ility

of intmsion detecton systen was den onstrated at the sane ting the ntelligent ntrusbn detectbn systen based on Pattem

Recognitbn w as des gned using nearest neighbor k-nearest neighbor and k-m eans smulaton results show that it has a higher

detecton rate and bwer false alam rate

Key words mntwsion detecton system; Artificial Intellgence Pattern Recognitorn  nearest negghbor



