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W eb Inform ation Extraction M odel Based on B ayes N ework

TAN Long-jiang"’
(1 Colkge of Econam ics& Fmnance Huaqno Unwersity Quanzhou 362021, Chig
2 College of Infomation Southwestern University of F inance and Econanics Chengdu 610074 Chna)

Abstract H istorical nfom aton

reabtine mfomatbn and gossip can weaken he main ieas of Web sites and lead

sam e nfomation to wnceal In oer to deal than, aW eb site nfom atbn extractbon model is proposed based on BayesNet

work And itsmodel structure data structure and pwcessing flow s are given as b llow ng Themodel utilizes nfomation ex-

tractbn technologies to get sub pctve key infomaton and so on Then Bayes Netwoik is used to classify and assanble

custam ers requests Sinu htion results and custam ers applications show that hemodel can extractm ore accurate custamers

tendency and have better real tim e than the traditbnal does
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